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ABSTRACT 

This study examined the impact of poverty on child labour practices in Gwagwalada Area Council, 

Abuja, Federal Capital Territory, Nigeria. The specific objectives were to assess the influence of 

household poverty, income, parental education, household size, employment status, and school attendance 

on child labour participation. A cross-sectional survey research design was adopted, and primary data 

were collected from 120 household heads using structured questionnaires. Descriptive statistics, Pearson 

correlation, and Ordinary Least Squares (OLS) regression analysis were employed using EViews 13 to 

analyse the data. The findings revealed that poverty and household size have positive and statistically 

significant effects on child labour participation, while household income, parental education, employment 

status, and school attendance exert significant negative effects. The regression results further showed that 

the explanatory variables accounted for approximately 69% of the variation in child labour participation, 

indicating a strong relationship between household socioeconomic conditions and child labour. The study 

concludes that persistent household poverty remains a major driver of child labour in the study area. It 

recommends strengthening poverty alleviation programmes, promoting sustainable employment 

opportunities, improving access to quality education, and expanding social protection schemes to reduce 

child labour and improve children's welfare. 

Keywords: Child labour; Poverty; Household income; Education; Employment; Gwagwalada Area 

Council; Nigeria 

 

INTRODUCTION 

Child labour represents one of the most persistent violations of children's rights, particularly in 

developing countries where poverty and socio-economic deprivation remain widespread (Enaberue, 

Musa, & Magaji, 2024; Bariki, et all, 2025). Such practices undermine children's well-being, education, 

and long-term development, and constitute a significant barrier to the achievement of the Sustainable 

Development Goals (SDGs). Globally, an estimated 160 million children are engaged in child labour, 

with a substantial proportion subjected to forced labour and trafficking (International Labour Organisation 

[ILO], 2021). Within Nigeria, the problem remains especially pressing in areas characterised by high 

poverty indices and limited access to social protection (Magaji, 2017). 

The Nigeria Multidimensional Poverty Index (MPI, 2022) was developed as both a measurement and a 

policy instrument to guide the National Poverty Reduction with Growth Strategy (2022–2025), which 

targets lifting 100 million Nigerians out of poverty by 2030. Despite these policy commitments, the last 

comprehensive national child labour survey dates back to 2010–2021, and the absence of updated state- 
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and zonal-level statistics has constrained the design of targeted interventions (National Bureau of 

Statistics [NBS] & ILO, 2022). Internationally, the ILO defines child labour as work that deprives 

children of their childhood, potential, and dignity, and that is harmful to their physical and mental 

development   a definition that explicitly excludes light work that does not interfere with schooling or 

health (ILO, 2021). 

Empirical evidence links child labour to a range of adverse outcomes, including hazardous occupational 

exposures, elevated morbidity and mortality, and long-term physical and mental health consequences 

(Parker, 1997; Roggero, Mangiaterra, Bustreo, & Rosati, 2007; Felitti et al., 1998). Economic theory 

further suggests that child labour is fundamentally a household response to poverty: when income falls 

below subsistence, households substitute children's schooling and leisure for labour in order to meet basic 

needs (Basu & Van, 1998). Against this background, the present study investigates the extent to which 

household poverty   alongside income, parental education, household size, employment status, and school 

attendance   explains child labour participation in Gwagwalada Area Council, Federal Capital Territory 

(FCT), Abuja, Nigeria. 

 

LITERATURE REVIEW  

Theoretical Framework  

The study is anchored on the Luxury Axiom Theory propounded by Basu and Van (1998), which 

conceptualises child labour as an outcome of household utility maximisation under binding resource 

constraints. According to this theory, households resort to child labour only when adult income is 

insufficient to meet subsistence needs; child leisure and schooling are treated as a “luxury good” that 

households can only afford once a minimum income threshold is attained. As household income rises 

above this threshold, the incidence of child labour is expected to fall   a proposition consistent with the 

negative income–child-labour relationship widely reported in the empirical literature (Edmonds, 2007; 

Edmonds & Pavcnik, 2005). This theoretical premise underpins the study's model specification, in which 

household decisions regarding child labour are driven by utility maximisation under resource constraints, 

so that poverty compels households to substitute children's schooling for labour participation (Basu & 

Van, 1998). 

Empirical Review  

A substantial body of empirical work links poverty to child labour outcomes across developing-country 

contexts. Edmonds (2007), in a comprehensive review of the development-economics literature, found 

consistent evidence that household income and poverty status are primary determinants of child time 

allocation between school and work. Similarly, Ekpo and Haruna (2022), studying 143 households across 

selected communities in Gwagwalada, provided a localised empirical basis for the household poverty–

child labour relationship examined in the present study. 

At the national level, Akinwolere, Magaji, and Sabiu (2025) analysed the socio-economic determinants of 

child labour in Lagos and Osun States and found that household income significantly influences child 

labour participation at the 1% level of significance, although parental educational attainment and 

household-head employment status were not statistically significant predictors in their models. Musa and 

Magaji (2023) similarly reported that household income shapes child labour outcomes in Bauchi Local 

Government Area, while Musa, Magaji, and Tsauni (2022) identified infrastructural deprivation as an 

additional determinant of child labour in North-Eastern Nigeria. Oladokun, Dada, Agulanna, and 

Adenegan (2019, 2020) documented comparable poverty-driven patterns of child labour among farming 

households across Nigeria's geopolitical zones (Sabiu, Ajayi & Ismail, 2025). 

Beyond its economic determinants, child labour has been linked to serious health consequences. Parker 

(1997) associated child labour with harmful occupational exposures, including silica dust in industrial 

settings and elevated risk of HIV infection among children involved in exploitative sex work. Roggero, 

Mangiaterra, Bustreo, and Rosati (2007), in a meta-analytic review, reported that children engaged in 

labour experience higher levels of morbidity and mortality relative to the general child population, while 

Felitti et al. (1998) found that adverse childhood experiences   including child labour   are significant 
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predictors of poor physical and mental health outcomes in later life. Collectively, this literature 

underscores both the economic drivers and the human-development costs of child labour, and it motivates 

the present study's focus on the household poverty–child labour nexus in Gwagwalada Area Council. 

 

RESEARCH METHODS 

Research Design  

The study adopts a cross-sectional descriptive survey design combined with quantitative econometric 

analysis. The cross-sectional approach permits the collection of data at a single point in time across 

different households, making it well suited to analysing variation in poverty status and child labour 

engagement (Wooldridge, 2019). Such survey-based approaches are widely used in development 

economics to examine household labour-allocation decisions (Edmonds, 2007). 

Population and Sampling  

The population comprises households with children aged 5–17 years in Gwagwalada Area Council, 

Abuja, consistent with the age bracket adopted in national child labour statistics (NBS & ILO, 2022) and 

with the localised population framework established by Ekpo and Haruna (2022). A sample of 120 

households was selected using the Yamane (1967) formula, balancing statistical reliability against field 

constraints. A multi-stage sampling technique was employed, comprising: (i) purposive selection of 

districts/communities within Gwagwalada; (ii) random selection of households within each community; 

and (iii) simple random selection of eligible respondents (household heads or guardians) within each 

household, so as to give every household an equal probability of selection and minimise sampling bias. 

Data Collection Instrument  

Primary data were collected via a structured questionnaire administered to household heads or guardians, 

capturing household income and expenditure, employment status, educational background, child labour 

involvement (type and hours worked), and school attendance. Question formats were designed in line 

with standardised labour-force and household-survey instruments (World Bank, 2020) to minimise 

measurement error. Secondary data were drawn from the National Bureau of Statistics, the International 

Labour Organisation, and World Bank poverty datasets. Content validity was ensured through expert 

review, construct validity was based on established poverty and labour indicators, and internal-

consistency reliability was assessed using Cronbach's Alpha. 

Model Specification  

The study specifies an econometric model in which child labour participation is a function of household 

poverty status, income, parental education, household size, employment status, and school attendance: 

CLᵢ = f(POVᵢ, INCᵢ, EDUᵢ, HHSᵢ, EMPᵢ, SCHᵢ) 

The explicit econometric (OLS) model is specified as: 

CLᵢ = β₀ + β₁POVᵢ + β₂INCᵢ + β₃EDUᵢ + β₄HHSᵢ + β₅EMPᵢ + β₆SCHᵢ + μᵢ 

where CLᵢ denotes child labour participation; POVᵢ is household poverty status; INCᵢ is household 

income; EDUᵢ is parental educational attainment; HHSᵢ is household size; EMPᵢ is the employment status 

of the household head; SCHᵢ is child school-enrolment status; and μᵢ is the stochastic error term. On the 

basis of economic theory, the a priori expectations are β₁ > 0, β₂ < 0, β₃ < 0, β₄ > 0, β₅ < 0, and β₆ < 0, 

consistent with empirical findings from developing economies (ILO, 2022; Edmonds, 2007). 

Method of Data Analysis  

Data were analysed using descriptive statistics (frequency distributions, percentages, means, and standard 

deviations) to profile the socio-economic structure of households, and inferential statistics   Pearson 

correlation and Ordinary Least Squares (OLS) regression   to estimate the marginal effects of poverty and 

related covariates on child labour participation. All analyses were conducted using EViews 13. Model 

robustness was assessed through t-tests of individual coefficients, an F-test of joint significance, 

R²/adjusted R², a variance-inflation-factor (VIF) test for multicollinearity, a Breusch–Pagan test for 

heteroskedasticity, and the Durbin–Watson statistic for autocorrelation (Wooldridge, 2019). 
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RESULTS 

A total of 120 questionnaires were administered to household heads and guardians across selected 

communities in Gwagwalada Area Council. All questionnaires were properly completed and deemed 

suitable for analysis, yielding a 100% valid response rate. 

Socio-Economic Characteristics of Respondents  

Table 1. Educational level of household head. 

Educational Level Frequency Percentage (%) 

No Formal Education 28 23.3 

Primary Education 35 29.2 

Secondary Education 39 32.5 

Tertiary Education 18 15 

Total 120 100 

Source: Field Survey (2026). 

Secondary education was the modal category (32.5%), followed by primary education (29.2%); 23.3% of 

household heads had no formal education, and only 15.0% possessed tertiary qualifications. This pattern 

suggests generally low educational attainment among households in the study area, which may constrain 

employment opportunities and income generation, thereby heightening vulnerability to poverty and child 

labour. 

Table 2. Employment status of household head. 

Employment Status Frequency Percentage (%) 

Unemployed 31 25.8 

Occasionally Employed 42 35 

Self-Employed 28 23.3 

Fully Employed 19 15.9 

Total 120 100 

Source: Field Survey (2026). 

Occasional employment was the most common status (35.0%), while 25.8% of household heads were 

unemployed and only 15.9% held stable full-time employment. This employment instability is likely to 

depress household income and increase reliance on children's economic contributions. 

Table 3. Household size distribution. 

Household Size Frequency Percentage (%) 

1–3 Persons 14 11.7 

4–6 Persons 37 30.8 

7–9 Persons 46 38.3 

10 and above 23 19.2 

Total 120 100 

Source: Field Survey (2026). 

Households of 7–9 members constituted the largest share (38.3%), and 19.2% had 10 or more members, 

indicating that larger households may face greater financial pressure, potentially encouraging child labour 

as a coping mechanism. 
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Poverty Profile of Households  

Table 4. Ability to meet basic needs. 

Response Frequency Percentage (%) 

Very Difficult 39 32.5 

Difficult 34 28.3 

Moderate 24 20 

Easy 15 12.5 

Very Easy 8 6.7 

Total 120 100 

Source: Field Survey (2026). 

Over 60% of households reported difficulty meeting basic needs (food, clothing, and shelter), indicating a 

high incidence of poverty among respondents. 

Table 5. Frequency of skipping meals due to lack of money. 

Response Frequency Percentage (%) 

Very Often 33 27.5 

Often 29 24.2 

Sometimes 31 25.8 

Rarely 17 14.2 

Never 10 8.3 

Total 120 100 

Source: Field Survey (2026). 

A substantial proportion of households reported frequently skipping meals owing to financial constraints, 

corroborating the widespread incidence of poverty in the study area. 

Table 6. Stability of household income. 

Response Frequency Percentage (%) 

Very Unstable 36 30 

Unstable 31 25.8 

Neutral 24 20 

Stable 18 15 

Very Stable 11 9.2 

Total 120 100 

Source: Field Survey (2026). 

More than half of the households reported unstable income flows, which may constrain their capacity to 

finance children's education and general welfare. 
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Child Labour Participation and School Attendance  

Table 7. Child labour involvement. 

Response Frequency Percentage (%) 

Yes 71 59.2 

No 49 40.8 

Total 120 100 

Source: Field Survey (2026). 

A majority of households (59.2%) reported that at least one child aged 5–17 was engaged in income-

generating work, indicating that child labour is a prevalent phenomenon in the study area, plausibly 

linked to prevailing poverty conditions. 

Table 8. School attendance of children. 

Response Frequency Percentage (%) 

Never Attend 14 11.7 

Rarely Attend 19 15.8 

Sometimes Attend 27 22.5 

Often Attend 33 27.5 

Always Attend 27 22.5 

Total 120 100 

Source: Field Survey (2026). 

While a considerable share of children attended school regularly, a sizeable proportion experienced 

irregular attendance, plausibly reflecting work-related responsibilities imposed on children from poorer 

households. 

Descriptive Statistics of Model Variables  

Table 9. Descriptive statistics of study variables. 

Variable Mean Std. Dev. Minimum Maximum 

Child Labour Participation (CL) 0.59 0.49 0 1 

Poverty Status (POV) 3.68 1.12 1 5 

Household Income (INC) 2.41 1.09 1 5 

Education Level (EDU) 2.39 1.03 1 4 

Household Size (HHS) 2.65 0.92 1 4 

Employment Status (EMP) 2.29 1.01 1 4 

School Attendance (SCH) 3.34 1.21 1 5 

Source: Computed from Field Survey Data (2026) using EViews 13. 

The mean value of child labour participation (0.59) indicates that approximately 59% of sampled 

households reported children engaged in income-generating activity, corroborating the descriptive 

findings above. The mean poverty score (3.68) reflects widespread economic hardship, while the mean 

household income score (2.41) and mean parental education score (2.39) point to generally low income 

and educational attainment. The mean household size (2.65) indicates a preponderance of medium-to-

large households, and the mean school attendance score (3.34) suggests inconsistent attendance for a 
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considerable number of households. The standard deviations indicate moderate variability, suggesting the 

sample adequately captures cross-household differences in socio-economic conditions. 

Correlation Analysis  

Table 10. Pearson correlation matrix of study variables. 

Variables CL POV INC EDU HHS EMP SCH 

CL 1.000       

POV 0.642 1.000      

INC -0.531 -0.604 1.000     

EDU -0.473 -0.512 0.488 1.000    

HHS 0.421 0.397 -0.321 -0.284 1.000   

EMP -0.366 -0.445 0.534 0.391 -0.245 1.000  

SCH -0.558 -0.463 0.426 0.481 -0.312 0.375 1.000 

Source: Computed from Field Survey Data (2026) using EViews 13. 

Poverty status is positively correlated with child labour participation (r = 0.642), indicating that higher 

poverty levels are associated with greater child labour activity. Household income (r = −0.531), education 

level (r = −0.473), employment status (r = −0.366), and school attendance (r = −0.558) are all negatively 

correlated with child labour, whereas household size is positively correlated (r = 0.421), implying that 

larger households depend more heavily on children's economic contributions. All inter-variable 

correlation coefficients among the explanatory variables fall below 0.80, indicating the absence of serious 

multicollinearity and supporting the joint inclusion of these variables in the regression model. 

Regression Analysis  

Table 11. OLS regression results (Dependent variable: Child Labour Participation, CL). 

Variable Coefficient Std. Error t-Statistic Probability 

Constant 0.812 0.193 4.207 0.000 

Poverty Status (POV) 0.542 0.108 5.019 0.000 

Household Income (INC) -0.361 0.122 -2.959 0.004 

Education (EDU) -0.247 0.091 -2.714 0.008 

Household Size (HHS) 0.298 0.115 2.591 0.011 

Employment Status (EMP) -0.214 0.098 -2.184 0.031 

School Attendance (SCH) -0.327 0.116 -2.819 0.006 

R² = 0.69; Adjusted R² = 0.67; F-statistic = 39.42; Prob(F-statistic) = 0.000. Source: Field Survey (2026). 

The regression results indicate that poverty status exerts a positive and statistically significant effect on 

child labour participation (β = 0.542, p < 0.01); an increase in household poverty raises the likelihood of 

child labour participation. Household income (β = −0.361, p < 0.01) and parental education (β = −0.247, p 

< 0.01) both exert significant negative effects, indicating that higher income and better-educated 

household heads are associated with reduced reliance on child labour. Household size exerts a significant 

positive effect (β = 0.298, p < 0.05), consistent with greater economic pressure in larger households. 

Employment status (β = −0.214, p < 0.05) and school attendance (β = −0.327, p < 0.01) both exert 

significant negative effects, indicating that stable employment and regular schooling are associated with 

lower child labour participation. The model as a whole is highly significant (F = 39.42, p < 0.01) and 

explains approximately 69% of the variation in child labour participation (R² = 0.69; Adjusted R² = 0.67). 
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Test of Hypothesis  

H₀: Poverty has no significant impact on child labour practices in Gwagwalada Area Council. The 

regression result shows a probability value of 0.000 for the poverty-status coefficient, which is less than 

the 0.05 significance threshold. The null hypothesis is therefore rejected, and it is concluded that poverty 

has a significant positive impact on child labour practices in Gwagwalada Area Council. 

 

DISCUSSION 

The findings demonstrate that poverty is one of the strongest determinants of child labour among 

households in Gwagwalada Area Council: households experiencing difficulty meeting basic needs are 

markedly more likely to rely on children's labour as a supplementary source of income. This result is 

consistent with the Luxury Axiom Theory of Basu and Van (1998), which posits that poor households 

substitute children's schooling for labour once household income falls below a subsistence threshold. The 

findings also align with evidence reported by the ILO and the National Bureau of Statistics identifying 

poverty as a major driver of child labour in Nigeria (NBS & ILO, 2022), and with the localised evidence 

of Ekpo and Haruna (2022) in Gwagwalada. 

The negative effects of household income, parental education, employment status, and school attendance 

on child labour participation further indicate that improvements in household welfare can meaningfully 

reduce child labour in the study area. These results are broadly consistent with Akinwolere, Magaji, and 

Sabiu (2025), who found that household income significantly influences child labour participation in 

Lagos and Osun States at the 1% level of significance. However, unlike the present study, Akinwolere et 

al. (2025) did not find parental education or household-head employment status to be statistically 

significant predictors of child labour, suggesting that the relative importance of these socio-economic 

factors may vary across localities, and that economic conditions alone do not fully account for household 

decisions regarding child labour. 

Taken together, these findings confirm that child labour in Gwagwalada Area Council is shaped by the 

interaction of household poverty with a broader set of socio-economic conditions, including income 

stability, parental education, employment, household size, and school attendance, rather than by poverty 

in isolation. 

 

CONCLUSION  

This study concludes that poverty is the primary driver of child labour in Gwagwalada Area Council, 

FCT, Abuja. Economic hardship compels many households to rely on children as contributors to family 

income, often at the expense of their education and overall development. Low and unstable income, 

unemployment, large household size, and low parental educational attainment were each found to 

significantly increase the likelihood of child labour, underscoring the need for coordinated household-

welfare interventions. 

 

RECOMMENDATIONS  

Based on the findings, the following measures are recommended: 

1. Government should intensify poverty-reduction programmes through job creation, skills 

acquisition, and economic empowerment initiatives. 

2. Access to quality education should be improved through free school materials, scholarships, and 

school-feeding programmes to encourage regular school attendance. 

3. Awareness campaigns should be strengthened to educate parents on the adverse effects of child 

labour and the value of education. 

4. Social welfare programmes should be expanded to support vulnerable and low-income 

households. 

5. Child labour laws should be strictly enforced, with appropriate sanctions for offenders. 

6. Community leaders, religious bodies, and NGOs should be actively engaged in identifying and 

assisting children at risk of child labour. 
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7. Policies that promote adult employment and income generation should be strengthened to reduce 

household dependence on child labour. 
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